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Performance Evaluation of Self-Adaptive Evolutionary Strategy for Evolutionary Robotics
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Abstract. Evolutionary robotics performs the parameter searching of learning robots
or robot design using evolving computation. Neural networks are widely used as
controllers for evolutionary robotics and there are many techniques for learning
neural networks or for searching the parameter. In this paper, we evaluate two
learning methods for evolutionary robot and our experimental results shows the
performances of two methods with noise for learning evolutionary robot.
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